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Abstract  

While the advances and benefits of artificial intelligence (AI) for business are indisputable, 
AI design, development, and deployment do not come without ethical concerns and 
controversies. Thus, companies have to balance business (e.g., efficiency, personalization, 
customer satisfaction, profits) on the one hand and corporate digital responsibility and 
socio-ethical objectives (e.g., privacy, autonomy, sustainability, socially good outcomes) on 
the other hand. Based on paradox theory, this paper lays out the ART (i.e., Actors, Resources, 
Time) framework of tension management to provide guidance on how firms and managers 
can increase the likelihood of eventually turning trade-offs between competing objectives 
into win-win situations and shared value creation. 
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AI in business: The ART of navigating the tensions  
between business and social objectives 

Introduction  

The design, development, and deployment of artificial intelligence (AI) systems and 
applications constitute one key organizational challenge across diverse business and 
industry contexts. Quite recently, this matter has become a key aspect of policy-making, 
with different government organizations developing guidelines and regulations for better 
and more sustainable AI implementation and strategic competitiveness in key economy 
industries. For example, the EU has recently approved the AI Act, intending to address the 
risks of AI implementation and to position Europe as a leading player globally in AI 
development. Considering the increasing and fast technical advancement and the 
potential for value creation, companies and organizations currently are in the race to deploy 
and implement these systems in their business to benefit from their potential. However, 
despite all promises, AI implementation has shown to be challenging due to the intra-
organizational resistance to its adoption and its potentially harmful intra- and extra-
organizational outcomes, raising ethical concerns and calls to responsible management of 
these technologies for both positive business and societal impact.   

One of the critical aspects for businesses to manage AI responsibly is reconciling business 
objectives with socially good outcomes. Private, public, and research institutions have 
issued many guidelines and frameworks, including the AI-for-social-good perspective 
(Cowls et al. 2021; Floridi et al. 2018), to advocate and stipulate ethically and socially 
responsible AI development and deployment. However, managing these potential tensions 
and trade-offs between business objectives and social impacts of AI in real business 
contexts requires moving away from an entirely principled approach to applied ethics and 
more practical guidance, from principles to practice.  

Against this backdrop, our objective is to explore central tensions between business and 
social objectives by identifying the socio-ethical issues of AI at individual, organizational, and 
societal levels and laying out a framework and recommendations for companies to manage 
such tensions. 

Socio-ethical issues of AI in business 

Despite the various benefits of harnessing AI in business (to pursue business objectives), 
including automating business tasks and functions, increased efficiency and cost reduction, 
personalization, customization, and targeting (Brynjolfsson et al. 2023; Huang and Rust 2021; 
Kunz and Wirtz 2024; Puntoni and Wertenbroch 2024), deploying AI in business does not 
come without socio-ethical issues and challenges that can oppose social objectives. 
Accordingly, the rapidly increasing utilization of AI and its encompassing impact at the 
individual, economic, and societal levels have sparked the discussion of guiding ethical 
principles and values (e.g., Floridi et al. 2018; Jobin et al. 2019). The effect of AI on society as a 
whole is central to the AI-for-social-good (Cowls et al. 2021; Floridi et al. 2018), and it thus 
propagates that AI should be developed and deployed to promote social good 
(beneficence) while preventing any harm (non-maleficence; Cowls et al. 2021; Floridi et al. 
2018). To achieve such a dual advantage for society, this AI ethics framework entails the 
ethical principles of justice, autonomy, and explicability in addition to beneficence and non-
maleficence (Floridi et al. 2018). Building on this, we delineate focal socio-ethical issues 
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across different stakeholder levels based on the AI-for-social-good perspectives and its 
constituent principles (see Figure 1).   

 

Figure 1. Multi-stakeholder perspective on AI ethics (adapted from Hermann 2022) 

First, the environmental impact of AI systems and applications can have adverse societal 
and (indirect) individual consequences (van Wynsberghe 2021), which implies interferences 
with the beneficence principle. On an individual level, companion AIs have been shown to 
neither recognize nor appropriately respond to users’ mental health issues (De Freitas et al.  
2023), undermining beneficence as well.  

Second, the utilization of AI in business can lead to job (human) replacement (Huang and 
Rust 2021), which could harm the human workforce and thus infringes the non-maleficence 
principle at the business, individual, and societal levels. Moreover, a trade-off between 
personalization and privacy can emerge (Rust 2020). That is, the required data inputs of AI 
applications can interfere with privacy and data protection (Kopalle et al. 2022), which 
pertain to the individual level and are central to the non-maleficence principle (Floridi et al. 
2018; Morley et al. 2020). In addition to privacy concerns, data inputs are also decisive for AI 
systems’ inferences and predictions. Broadly speaking, predictions' unbiasedness, validity, 
and accuracy rest upon input data quality, integrity, and representativeness (Barredo 
Arrieta et al. 2020; Morley et al. 2020;). Biased predictions can impair non-maleficence and 
justice (often used interchangeably with fairness) principles at both the individual and 
societal levels. For instance, discriminatory targeting, segmentation, and prioritization 
based on demographic, psychological, and economic factors can reinforce existing 
inequalities, marginalization, biases, stereotypes, and vulnerabilities (Celiktutan et al. 2024; 
Hermann et al. 2023). Furthermore, recent advances in GenAI are related to deception risks, 
deep fakes, and manipulative personalization and targeting (Campbell et al. 2022; Schmitt 
and Flechais 2023), undermining the non-maleficence principle at the individual and 
societal levels.  

Third, AI systems and applications shape human agency, autonomy, and self-determination 
at the business and individual levels (André et al. 2018). On the one hand and at the business 
level, automation and human enhancement through AI affect workers’ autonomy (Puntoni 
and Wertenbroch 2024). On the other hand and at the individual level, consumers regularly 
delegate their decisions to AI systems like recommender systems that make suggestions of 
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what they might like and thus pre-filter information (Kopalle et al. 2022). Overdependence 
on algorithmic recommendations can, in turn, harm consumer well-being (Banker and 
Khetani 2019).  

Fourth, the opacity and black-box nature of AI systems and applications (Barredo Arrieta et 
al. 2020) can undermine the explicability principle and its epistemological dimension 
intelligibility (Floridi et al. 2018). Business and individual users often lack a basic 
understanding of AI models’ functioning (i.e., intelligibility), not to mention the underlying 
data processing algorithms and models. However, intelligibility can lay the foundation for 
users’ ability to judge whether AI systems and their predictions are beneficial (i.e., 
beneficence), harmful (i.e., non-maleficence), biased (i.e., justice), and whether they should 
delegate their work and decisions to AI systems (i.e., autonomy). Likewise, users and 
stakeholders, in general, must be aware that they are interacting with artificial agents to 
draw conclusions about potentially unethical or adverse outcomes (Mozafari et al. 2022).     

To address how companies and organizations can manage the tensions between business 
and social objectives when designing, developing, and deploying AI, we shed light on 
tension management approaches and Paradox Theory.  

Tension Management and Paradox Theory   

Companies handle and cope with tensions differently. First, the tensions can be considered 
as trade-offs or through a win-lose lens, that is, the exchange of a loss for a benefit (Hahn et 
al. 2010; Van der Byl and Slawinski 2015). Second, they can be treated as paradoxes that are 
contradictory yet interrelated demands that companies need to accept and continuously 
manage, and for which there is no single equilibrium that maximizes both social and 
business goals (Smith and Lewis 2011; Van der Byl and Slawinski 2015). Finally, the win-win 
paradigm (i.e., the so-called business case) implies the alignment of goals and that the 
improvement in one goal dimension should improve (or at least not diminish) the other 
goal dimension, aka shared value creation (Siltaloppi et al. 2021; Van der Byl and Slawinski 
2015). 

Within the scope of our paper, we adopt a paradox perspective that ‘‘explores how 
organizations can attend to competing demands simultaneously’’ and argues that the long-
term success of an organization ‘‘requires continuous efforts to meet multiple, divergent 
demands’’ (Smith and Lewis 2011, p. 381).  In paradox theory, contradictory elements are not 
seen as static but interact dynamically, influencing each other over time. According to 
paradox theory, competing demands reside in dynamic, persistent tensions (Waldman et 
al. 2019). Rather than aiming to align socio-ethical objectives with business objectives to 
eliminate tensions, a paradox perspective encourages strategies that accept tensions and 
attend to different objectives simultaneously, even if they are conflicting. Thus, actors must 
“embrace the tensions between goals, despite the discomfort associated with juxtaposing 
opposites, rather than resisting or avoiding tensions” (Van der Byl and Slawinski 2015, p. 59). 

Tension management, according to paradox theory, does not rely on choosing between 
opposing alternatives but rather on managing paradoxes through strategic agility, that is, 
to rapidly respond to changing environments, to constantly sense and seize opportunities, 
and to change strategic direction and resource allocation if necessary (Smith and Lewis 2011; 
Van der Byl and Slawinski 2015). In considering how to do so in the context of AI 
implementation, we propose that companies manage tensions between business and 
social objectives by looking at the interactions between actors, resources, and time. Hence, 
we suggest the ART framework described in the next section.    



5 

 

The ART of tension management 

The first and often pivotal step is to recognize a) tensions between objectives and b) the 
paradoxical nature of them. Our analysis of socio-ethical issues of AI identified several 
tensions between business and social objectives (i.e., follow ethical principles to achieve 
socially good outcomes) managers need to address when designing, developing, and 
implementing AI: (1) Tensions between AI explainability and the protection of proprietary 
data; (2) Tensions between automation efficiency and human agency and autonomy;  
(3) Tensions between personalization and targeting and data bias; (4) Tensions between the 
balance between business growth and AI sustainable implementation and impact. 

After becoming aware of paradoxical tensions, we recommend companies and 
organizations achieve effective and efficient tension management to  

a) integrate and account for the perspectives of the different actors (stakeholders) 
involved and affected by AI design and deployment  

b) allocate and utilize resources in a targeted and flexible manner 
c) show long-term commitment, be patient, and seek dynamic equilibria where 

priorities can shift over time 

These three recommendations are the building blocks of our ART framework: Actors, 
Resources, and Time (see Figure 2). In the following, we focus on one exemplary tension 
related to each of the five ethical principles of the AI-for-social good perspective. 

 

 

Figure 2. ART framework of tension management  
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Intelligibility: Understanding AI  

Companies and organizations can face tensions between AI systems and applications to be 
understandable to users and external stakeholders while protecting sensitive and 
proprietary information and intellectual property. A tiered approach to explaining AI 
functionalities should be contemplated to manage these tensions. That is, explanations to 
users should be more simple and basic to avoid irritation, while regulators are (have to be) 
provided in-depth explanations and information. Therefore, companies and organizations 
have to invest resources (including human resources such as AI developers, compliance 
departments, customer experience managers, etc.) and time to create (educational) 
materials containing explanatory information or user-friendly AI interfaces providing such 
information. To keep pace with the rapid technological advances of AI and changing 
regulatory environments, explanations must be constantly scrutinized to ensure 
understanding across different stakeholders. 

Autonomy: Human agency and oversight 

In order to manage the tension between efficiency and automation and human autonomy 
and agency, AI design and development have to prefer human augmentation 
/enhancement over human replacement. That is, humans have to be kept in the loop - both 
internally (i.e., workers, employees) and externally (i.e., users) - or in other words, the final 
decision authority should be left to humans. Developing respective AI systems and 
applications should involve not only AI developers and managers but also ethicists, legal 
experts, and end-users (i.e., co-design) to ensure a sufficient level of human agency and self-
determination, as well as the human-centric design of AI applications (Blasco-Arcas and Lee 
2021). Furthermore, translating ethical principles and guidelines into practices requires 
nurturing internal expertise and sense-making. The more sophisticated and human-like AI 
systems and applications become, the more complicated this endeavor might become, 
which again requires constant assessments over time and respective resource investments 
to ensure human autonomy.    

Justice: Fairness and equity 

Companies and organizations should institutionalize auditing and impact assessment 
mechanisms and bias mitigation and prevention strategies along the entire AI lifecycle to 
avoid biases, discrimination, and unfair treatment and strengthen data representativeness 
simultaneously. Companies must allocate technical, human, and financial resources to 
implement such mechanisms and curate high-quality data sets. Therefore, collaboration 
with potentially affected (marginalized and discriminated) user groups is necessary to 
understand better and incorporate their needs and perspectives. Further, companies need 
to understand at which stages of the consumer journey users may experience 
vulnerabilities due to the interaction with AI as, in many cases, potential discrimination and 
bias are contextual and not necessarily structural (Sudbury-Riley et al. 2024). As the diversity 
of AI applications permanently increases, so do sources of inaccuracies and biases. Thus, 
continuous feedback and adaptations on AI design and deployment to address emerging 
justice and fairness concerns are unavoidable. 

Non-Maleficence: Human augmentation instead of replacement  
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As mentioned above, human augmentation should be prioritized to foster autonomy and 
limit the harm of human and job replacement. Put differently, AI systems and applications 
enhance employee and worker capabilities and productivity and create new job 
opportunities instead of replacing jobs. To equip workers and employees with the advanced 
(technology) skill set and enable them to transition to new roles, companies and 
organizations have to invest in and provide internal and external (together with educational 
institutions) training and upskilling programs.  Again, AI systems and applications change 
rapidly and diversify, which requires constant monitoring and adaptation of the required 
skills sets and respective training programs.  

Beneficence: Sustainability 

One of the most pivotal and pressing challenges is establishing both AI for sustainability 
and sustainable AI. In order to leverage AI for business (growth) while managing 
environmental impacts and promoting sustainability, AI systems and applications should 
limit resource use (particularly energy and water) and contribute to sustainable 
development, for instance, by fostering more sustainable consumption behavior. This 
requires long-term and constant engagement of multiple stakeholders (e.g., environmental 
organizations and public policy makers) and substantial resource investments (e.g., 
research and development).  

Conclusion 

Managing tensions in simultaneously fulfilling business and social impact objectives has 
become critical for companies designing, developing, and deploying AI systems in current 
business contexts. Our paper identifies socio-ethical issues that emerge as central 
organizational tensions and provides a framework for managers to address them. In moving 
from guidelines to practice, our ART framework provides managers with a tool to redesign 
AI-related business processes from the perspective of the involved actors, required 
resources, and time, allowing a more precise understanding to manage those tensions 
successfully. 
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